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[ Abstract ] The rapid development of artificial intelligence (AI) has promoted the “Al+education” model
to sweep the entire education industry with explosive development, and Al also plays an important role in medical
education. Standardized residency training is an important part of medical education after graduation. What effects does
the application of Al have on the standardized residency training? This paper expounds the changes in standardized
residency training model optimization of teaching resources, training effects, opportunities and challenges brought by
AL
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